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ABSTRACT 

Background: Rapid adoption of cloud services and heterogeneous hardware accelerators—especially graphics 

processing units (GPUs)—has transformed both production and testing landscapes. Modern test infrastructures 

must reconcile software evolution, fault tolerance, and cloud-native paradigms to deliver reliable, scalable 

verification for high-volume GPU manufacturing and serverless applications. This article synthesizes established 

theory in software evolution and fault tolerance with contemporary cloud platform characteristics and model-based 

testing techniques to propose a comprehensive, textually detailed design for fault-tolerant test infrastructures. 

Objective: To present an integrated, publication-quality architectural and methodological treatment for designing 

fault-tolerant, cloud-enabled test infrastructures that serve large-scale GPU manufacturing lines and serverless 

application testing, grounded strictly in the provided literature. 

Methods: We develop a conceptual architecture and method suite that combines principles of software evolution 

and maintainability (Lehman & Ramil, 2002; Chapin et al., 2001), classical software fault tolerance (Somani & Vaidya, 

1997; Torres-Pomales, 2000), and cloud characteristics (Wilkins, 2019; Patterson, 2019; Saraswat & Tripathi, 2020) 

with rigorous model- and graph-transformation–based test generation approaches (van der Aalst et al., 2004; 

Baldan et al., 2004; Baresi et al., 2006). We derive operational patterns for serverless orchestration, resilience 

engineering and fault injection, and integrate specification matching and counterexample-based test generation 

techniques (Beyer et al., 2004; Cherchago & Heckel, 2004). The design is validated by a descriptive results section 

that interprets how the architecture addresses typical failure modes and operational constraints in GPU 

manufacturing and cloud testbeds, and by a discussion of limitations and future research directions. 

Results: The architecture organizes layered fault containment, adaptive test scheduling, and cloud-native resource 

management to achieve graceful degradation, high observability, and maintainability in the face of hardware 

failures, transient cloud faults, and evolving software test artifacts. When mapped to best-practice cloud features—

serverless functions, event-driven pipelines, and managed infrastructure—this design offers predictable scalability 

and cost containment while preserving rigorous test coverage and traceability. 

Conclusion: A cohesive synthesis of fault-tolerance theory, software evolution principles, and cloud-specific 

operational mechanics yields a practical, extensible blueprint for fault-tolerant test infrastructures suitable for 

large-scale GPU manufacturing and serverless testing. The proposed blueprint clarifies trade-offs, prescribes 

concrete resilience patterns, and identifies research avenues for empirical evaluation and automation. 
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INTRODUCTION 

The proliferation of cloud computing and the concomitant rise of hardware accelerators such as GPUs have created 

a distinctive set of demands for modern test infrastructures. Historically, testing for hardware and embedded 

systems depended on localized, dedicated test benches and manual procedures; contemporary manufacturing and 

validation tasks, particularly for large-scale GPU production, now require elastic orchestration, distributed 

observability, and resilient automation that operates across heterogeneous physical and virtual layers (Designing 

Fault-Tolerant Test Infrastructure for Large-Scale GPU Manufacturing, 2025). Cloud platforms provide an appealing 

execution substrate for these needs due to their elasticity, managed services, and pay-as-you-go economics 

(Wilkins, 2019; Patterson, 2019). However, cloud-native patterns and serverless models introduce unique 

operational characteristics—cold starts, ephemeral state, and event-driven flows—that must be accounted for 

when designing fault-tolerant test infrastructures (Patterson, 2019; Wilkins, 2019). 

Fault tolerance has long been a foundational theme within computer science and systems engineering. Seminal 

treatments emphasize redundancy, diversity, and detection/recovery strategies to meet reliability objectives 

(Somani & Vaidya, 1997; Torres-Pomales, 2000). These classical ideas remain essential, but when applied to cloud-

native testing of GPUs they must be reinterpreted in light of continuous software evolution, variable hardware 

behavior, and the fluid failure modes of distributed platforms (Lehman & Ramil, 2002; Malkawi, 2013). Software 

evolution is central because test harnesses, device drivers, and firmware evolve rapidly; test architectures must 

therefore be maintainable and designed for continuous change (Lehman & Ramil, 2002; Chapin et al., 2001). 

Model-based testing and graph transformation techniques have matured into robust ways of generating and 

refining test cases from formal or semi-formal specifications, which aligns well with modern needs for automated, 

reproducible test generation (van der Aalst et al., 2004; Baldan et al., 2004; Baresi et al., 2006). Additionally, 

methods that extract counterexamples or use tests derived from specification mismatches provide efficient ways 

to discover deep defects and specification drift between layers of the system (Beyer et al., 2004; Cherchago & 

Heckel, 2004). Combining model-based strategies with cloud orchestration yields a flexible approach that can cover 

a broad space of behaviors while operating at manufacturing throughput rates (Designing Fault-Tolerant Test 

Infrastructure for Large-Scale GPU Manufacturing, 2025). 

Despite the breadth of relevant literature, there exists a gap in the systematic integration of fault-tolerance theory, 

cloud-native serverless mechanics, software evolution concerns, and model-based test generation for the specific 

context of high-volume GPU manufacturing and serverless application testing. Prior works treat these domains in 

relative isolation: cloud provider comparisons and features emphasize platform-level selection criteria (Saraswat & 

Tripathi, 2020; Kamal et al., 2020; SuyogBankar, 2018), while fault-tolerance tutorials and foundational texts 

provide core mechanisms without tightly coupling them to continuous integration and serverless orchestration 

(Somani & Vaidya, 1997; Torres-Pomales, 2000). Model-based and graph-transformation research offers powerful 

test-generation tools but does not always address the operational realities of large-scale manufacturing pipelines 

or the ephemeral nature of serverless execution (van der Aalst et al., 2004; Baldan et al., 2004). 

This article fills that gap by proposing a comprehensive architecture and methodology that harmonizes these 

literatures into a practical design for resilient, cloud-native test infrastructures. The contribution is threefold. First, 

we synthesize theoretical fault-tolerance strategies with cloud-specific design patterns to enumerate resilience 

mechanisms tailored for GPU test farms and serverless testbeds. Second, we articulate a test-generation and 

scheduling methodology that meshes model-based techniques with counterexample-driven refinement to maintain 

high defect-detection capability under continuous software evolution. Third, we analyze operational trade-offs and 

propose a roadmap for empirical validation and incremental adoption in industrial settings. Throughout the 
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exposition, claims are grounded in the cited body of work to ensure fidelity to established theory and contemporary 

platform realities (Somani & Vaidya, 1997; Torres-Pomales, 2000; Wilkins, 2019; Patterson, 2019; van der Aalst et 

al., 2004). 

METHODOLOGY 

The methodological approach in this study is conceptual and integrative rather than empirical: it systematically 

synthesizes principals and techniques from the provided literature to construct a coherent test infrastructure 

blueprint. The methodology proceeds through five interlocking components: requirements elicitation and reliability 

goals, architectural layering and fault containment, model-driven test generation and refinement, cloud-native 

orchestration and serverless adaptation, and operational observability with feedback for evolution. Each 

component is described in detailed, text-based terms to allow replication and adaptation to concrete organizational 

settings. 

Requirements elicitation and reliability goals. The first methodological step is to translate product and process-level 

objectives into measurable reliability and maintainability targets. Drawing on RAMP principles—reliability, 

availability, maintainability, performance—the architecture grounds design decisions in explicit metrics that can be 

observed or inferred in production testbeds (Malkawi, 2013). Reliability goals include defect detection rate, mean 

time to detect (MTTD) anomalies introduced by hardware or firmware, and mean time to recovery (MTTR) for 

testbed faults; availability goals specify targeted uptime for test orchestration services and critical monitoring 

pathways. Maintainability objectives concern test artifact modularity and the ease of applying patches or evolving 

test logic as drivers and firmware change (Lehman & Ramil, 2002; Chapin et al., 2001). Performance objectives 

constrain execution latency for critical manufacturing workflows and throughput for batch validation tasks, which 

informs infrastructure sizing under cloud billing and resource constraints (Wilkins, 2019). 

Architectural layering and fault containment. The second component articulates a layered architecture that isolates 

failure domains and prescribes containment strategies to prevent cascade failures. The layered view includes: 

physical layer (GPU devices and associated test fixtures), runtime layer (device drivers and firmware under test), 

control plane (test orchestrator and scheduling), integration layer (test harnesses and model-based generators), 

and management/observability layer (monitoring, logging, and alerting). Each layer is associated with redundancy 

and handler patterns derived from classical fault tolerance: detection, masking, and graceful degradation (Somani 

& Vaidya, 1997; Torres-Pomales, 2000). For example, in the physical layer, redundant measurement channels and 

sensor cross-checking can mask transient probe failures; in the control plane, leader-election and state replication 

patterns enable high availability for test agents. Crucially, the architecture emphasizes the separation of concerns 

so that a failure in the device under test does not incapacitate the orchestration or reporting stack. This approach 

directly follows the modularization and maintainability considerations described by Chapin et al. (2001) and Lehman 

& Ramil (2002). 

Model-driven test generation and refinement. The third methodological component centers on model-based 

testing (MBT) strategies for generating exhaustive and targeted test cases. Process mining and workflow discovery 

techniques help derive expected behavior and event flows from manufacturing logs, which can serve as initial 

models for test generation (van der Aalst et al., 2004). Graph transformation systems facilitate unfolding generator 

logic to enumerate test variants and boundary cases that reflect both structural and temporal behavior of device 

drivers and firmware (Baldan et al., 2004; Corradini et al., 1996). Test cases are augmented with specification 

matching rules and conditional graph transformation logic to detect mismatches between observed behavior and 

modeled expectations (Cherchago & Heckel, 2004). Counterexample-derived tests—extracted whenever model 

checkers or static analyzers produce counterexamples—are fed back to the generator to prioritize high-fidelity, 
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high-impact test cases (Beyer et al., 2004). The MBT pipeline emphasizes traceability from model elements to test 

artifacts, which supports maintainability and auditability as per RAMP ideals (Malkawi, 2013). 

Cloud-native orchestration and serverless adaptation. The fourth methodological component maps the layered 

architecture and MBT pipeline into cloud-native primitives, taking special account of serverless characteristics when 

appropriate. Cloud provider feature sets guide implementation choices—managed functions, event buses, 

container orchestration, and managed storage are leveraged according to cost, latency, and reliability trade-offs 

(Wilkins, 2019; Patterson, 2019; Saraswat & Tripathi, 2020). For discrete, stateless orchestration tasks—such as 

instrument control commands, test case scheduling, and short-lived analysis—serverless functions offer elastic 

scaling and simplified operational management, though their ephemeral nature requires explicit design for state 

persistence and cold-start mitigation (Patterson, 2019). For long-running or stateful components—such as log 

aggregation, model storage, and long-duration test sequences—containerized services on managed Kubernetes or 

VM-backed services provide predictable performance and easier state management (Wilkins, 2019). The 

methodology prescribes hybrid patterns: use serverless for orchestrating bursts and short-latency workflows, while 

placing durable services on containerized or managed VM platforms. Platform selection should also heed provider-

specific features and limitations—comparative assessments of AWS, Azure, and GCP show divergent service 

capabilities that affect resilience and cost profiles (Saraswat & Tripathi, 2020; Kamal et al., 2020; SuyogBankar, 

2018). 

Operational observability with feedback for evolution. The final methodological pillar focuses on observability and 

continuous evolution. Observability is implemented through layered telemetry pipelines that collect device-level 

logs, orchestrator traces, and model-level test outcomes. This telemetry is analyzed to extract drift in test behavior, 

novel fault patterns, and opportunities for test improvement; process mining can then be re-applied to refine 

models and expand test coverage (van der Aalst et al., 2004). The approach embraces the principles of evolutionary 

software processes: as test artifacts, harnesses, and device firmware change, the testing infrastructure itself must 

evolve under controlled processes to preserve reliability while enabling innovation (Lehman & Ramil, 2002; Chapin 

et al., 2001). The methodology recommends explicit change-control gates where test models and orchestration 

pipelines are validated before deployment into manufacturing pipelines. 

Cross-cutting procedural details. The methodology mandates a set of procedural guardrails and techniques to 

ensure rigorous implementation: well-defined interfaces between layers, contract testing for orchestrator–agent 

interactions, strict versioning of models and test artifacts, and reproducible infrastructure as code deployments. 

Fault-injection exercises—ranging from synthetic cloud faults to hardware probe misbehavior—are scripted and 

integrated into the CI/CD pipeline to assess the architecture’s resilience and probe for unanticipated failure modes, 

drawing on the classical emphasis on testing for failure scenarios as a means to improve tolerance strategies 

(Somani & Vaidya, 1997; Torres-Pomales, 2000). To support maintainability, the methodology prescribes 

modularization of test logic, decoupling of model specification from execution code, and a continuous refinement 

loop informed by counterexample-driven test augmentation (Beyer et al., 2004). 

RESULTS 

Because this work is conceptual and integrative, the results are descriptive: they demonstrate how the proposed 

architecture and methodologies, when applied to representative failure scenarios and operational constraints, lead 

to desirable outcomes such as containment of faults, preserved throughput, and actionable test coverage. We 

evaluate the architecture across multiple axes—fault containment effectiveness, test coverage and defect 

detection, maintainability under evolution, and cost/operational trade-offs in cloud contexts—by mapping the 

architecture’s mechanisms to typical failure modes encountered in GPU manufacturing and serverless testbeds. 



 

AMERICAN ACADEMIC PUBLISHER 
 

                                
 

  

https://www.academicpublishers.org/journals/index.php/ijps 12 

 

Fault containment effectiveness. One of the central results is that layered fault containment substantially limits 

failure propagation. By partitioning responsibilities and implementing targeted masking and failover strategies at 

each layer, the architecture prevents a device-level fault from incapacitating the orchestration and reporting stack. 

For example, if a GPU under test exhibits thermal instability, the physical-layer handlers (redundant sensing and 

immediate device isolation) enable the remainder of the manufacturing pipeline to continue operations while the 

faulty unit is quarantined. This corresponds to the redundancy and detection strategies articulated in classical fault-

tolerance literature (Somani & Vaidya, 1997; Torres-Pomales, 2000) and illustrates how those techniques are 

effectively applied in a modern, cloud-coordinated environment. 

Test coverage and defect detection. Model-based test generation—particularly when augmented with 

counterexample-driven refinement—yields superior defect-detection capability relative to ad hoc test suites. The 

process-mining–derived models provide behavioral baselines from actual manufacturing logs and feature realistic 

distributions of operational sequences (van der Aalst et al., 2004). Graph-transformation–based unfolding 

enumerates structural variants and corner cases that would be hard to conceive manually, and counterexample-

driven tests (Beyer et al., 2004) prioritize cases that have historically revealed deep defects. The result is a test suite 

that balances breadth and depth: it covers common operational flows while maintaining the ability to stress rare, 

but catastrophic, behaviors. 

Maintainability under evolution. Mapping the test artifact life cycle to software evolution principles ensures that 

the test infrastructure remains sustainable as firmware, drivers, and orchestrator code change (Lehman & Ramil, 

2002; Chapin et al., 2001). Explicit versioning of models, contract-based interfaces, and modular test logic reduce 

the coupling between changing components. When a driver API evolves, for instance, the model-to-test mapping 

isolates changes within a specific transform module, thus limiting the scope of required updates and enabling rapid, 

low-risk adaptation—an outcome that aligns with the maintainability and evolutionary process tenets discussed by 

Lehman & Ramil (2002) and Chapin et al. (2001). 

Cost and operational trade-offs in cloud contexts. The hybrid serverless/containerized deployment pattern provides 

an attractive balance between cost efficiency and reliability. Serverless functions handle ephemeral bursts 

(scheduling thousands of short test invocations), minimizing baseline cost during low-demand periods; 

containerized services manage long-lived state and intensive analytics workloads with predictable performance 

(Wilkins, 2019; Patterson, 2019). Comparative analysis of provider features also shows that platform selection can 

materially affect resilience: providers with richer managed eventing, robust cold-start mitigation strategies, and 

optimized storage tiers enhance the feasibility of cost-effective, fault-tolerant test orchestration (Saraswat & 

Tripathi, 2020; Kamal et al., 2020). This result underscores the necessity of empirically evaluating provider features 

before large-scale adoption. 

Observability and feedback. The architecture’s layered telemetry pipeline delivers high-fidelity insights that drive 

continuous improvement. Instrumentation at the device, orchestrator, and model layers enables rapid triage and 

root-cause analysis when anomalies occur. Importantly, the closed-loop that feeds observation-derived changes 

back into model refinement and test generation prevents test drift and diminishes the long-term risk of undetected 

regressions—consistent with process-mining and model-refinement literature (van der Aalst et al., 2004; Baldan et 

al., 2004). 

Scripting fault-injection and resilience tests. Fault injection emerges as both a validation technique and an 

operational requirement. The results suggest that routine, automated fault-injection exercises—targeting cloud-

induced faults (latency spikes, transient unavailability), orchestrator failures (leader partitioning), and hardware 

anomalies (probe mismatch)—significantly improve detection of latent coupling and timing vulnerabilities. This 
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practice reflects classical admonitions for testing under failure modes (Somani & Vaidya, 1997; Torres-Pomales, 

2000) and modern approaches that incorporate fault injection into CI/CD pipelines to operationalize resilience. 

Mapping to existing test-generation research. The proposed MBT pipeline aligns with graph-transformation and 

model-checking approaches that have been successful in producing concise, high-value test sets for complex 

systems. By using specification matching and conditional graph transformations, the architecture benefits from 

automated extraction of behavioral deviations while retaining human oversight for high-stakes decisions (Baresi et 

al., 2006; Cherchago & Heckel, 2004). Counterexample generation further enables prioritization of tests with the 

highest propensity to reveal subtle errors (Beyer et al., 2004). 

DISCUSSION 

This section interprets the architecture’s implications, discusses limitations, and identifies avenues for future 

research. The discussion takes an integrative lens to reconcile classical theory with practical constraints posed by 

cloud platforms and high-throughput manufacturing. 

Interpreting the architecture’s resilience properties. The proposed layered architecture and hybrid execution model 

produce resilience through compositional mechanisms: redundancy at the physical and control layers, design-for-

failure in orchestration, and automated detection driven by model-informed tests. The results demonstrate that 

such an arrangement mitigates several classes of failure—transient cloud faults, device-level anomalies, and 

software evolution–induced regressions—by enabling graceful degradation and rapid recovery. The architectural 

emphasis on traceability and model versioning reduces the cognitive burden of maintaining test suites in rapidly 

changing development contexts, which is a critical enabler for sustainment and continuous improvement (Lehman 

& Ramil, 2002; Chapin et al., 2001). 

Trade-offs and engineering considerations. Any practical adoption of this architecture requires careful assessment 

of trade-offs. Serverless patterns reduce operational overhead but introduce potential latency variability and state 

management complexity, requiring careful engineering of cold-start mitigation and state persistence strategies 

(Patterson, 2019). Container-based services provide predictable performance but incur baseline costs and require 

orchestration expertise. Model-based test generation provides superior fault-detection but introduces upfront 

modeling expenses and requires domain expertise to craft high-fidelity models. The balance between automated 

generation and manual test curation must be carefully tuned to the organizational tolerance for false positives and 

the criticality of undetected defects. 

Limitations of the conceptual design. The present work is intentionally conceptual and therefore lacks empirical 

performance measurements, cost benchmarking, and failure-rate statistical validation. While the architecture is 

grounded in established research and consistent with current cloud capabilities (Wilkins, 2019; Patterson, 2019; 

Saraswat & Tripathi, 2020), real-world validation in operational GPU manufacturing lines is required to quantify 

performance overheads, cost trade-offs, and actual defect-detection improvements. Furthermore, the model-

based approaches presented presuppose the availability of high-quality logs and domain expertise to construct 

accurate models; in environments lacking these resources, MBT efficacy may be reduced (van der Aalst et al., 2004). 

Security and supply-chain implications. High-volume GPU manufacturing and cloud-based orchestration raise 

security and supply-chain concerns that intersect with testing infrastructure design. Test infrastructure must be 

designed to prevent leakage of proprietary firmware or test artifacts, authenticate device–orchestrator 

communications, and preserve an audit trail for regulatory compliance. These concerns affect decisions about 

managed versus self-hosted services: organizations may prefer greater control over data when confidentiality 

concerns are paramount, even at the cost of increased operational burden (Wilkins, 2019). 
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Operationalizing the architecture. Practical adoption requires phased implementation. A recommended 

incremental pathway begins with: (1) establishing a minimal observability pipeline and model-based baseline 

derived from historical logs; (2) migrating orchestrator tasks that are stateless to serverless functions while retaining 

stateful analytics on containerized services; (3) integrating graph-transformation–based generators for targeted 

subsystems; and (4) automating fault-injection and resilience regression tests in CI/CD. This pathway moderates 

risk and permits empirical calibration of model fidelity, cost trade-offs, and maintainability processes. 

Future research directions. Several areas invite further research. Empirical evaluation of the architecture’s cost-

performance envelope across multiple cloud providers would provide actionable guidance for platform selection 

(Saraswat & Tripathi, 2020; Kamal et al., 2020). Automated model extraction techniques that combine process 

mining and machine learning could reduce the burden of model creation and keep MBT in sync with rapid firmware 

evolution (van der Aalst et al., 2004). Formalization of test artifact evolution processes, integrating software-

evolution theory with CI/CD workflows, could further reduce regression risk (Lehman & Ramil, 2002). Finally, tooling 

to automatically translate counterexamples into high-priority, reproducible tests would close the loop between 

detection and prevention, operationalizing the counterexample-driven refinement approach (Beyer et al., 2004). 

Relationship to prior research. This work synthesizes two primary streams of scholarship. First, it extends 

foundational treatments in fault tolerance and software evolution by articulating how those principles apply to 

cloud-coordinated, high-throughput test infrastructures (Somani & Vaidya, 1997; Torres-Pomales, 2000; Lehman & 

Ramil, 2002; Chapin et al., 2001; Malkawi, 2013). Second, it incorporates contemporary model-based testing and 

graph transformation techniques as concrete enablers for automated, maintainable test generation and 

prioritization (van der Aalst et al., 2004; Baldan et al., 2004; Baresi et al., 2006; Cherchago & Heckel, 2004). Together, 

these literatures converge to offer a practical blueprint grounded in rigorous theoretical foundations. 

Ethical and environmental considerations. Large-scale GPU manufacturing and cloud testing entail notable energy 

usage and environmental footprints. The architecture encourages efficient resource use via serverless burst-scaling 

and selective containerization, which can reduce idle resource consumption compared to always-on test farms 

(Wilkins, 2019). However, adopting resilience patterns (e.g., redundant measurement channels) may increase 

resource consumption. Ethical considerations also include responsible handling of manufacturing data and 

transparency about test outcomes; traceability and audit logs help maintain accountability in the testing lifecycle. 

CONCLUSION 

This article presents a comprehensive, theoretically grounded, and practically oriented blueprint for designing fault-

tolerant test infrastructures tailored to large-scale GPU manufacturing and serverless application testing. By 

synthesizing classical fault-tolerance theory, software evolution principles, cloud-native patterns, and model-based 

test-generation techniques, the blueprint provides a layered architecture and set of methodologies that improve 

fault containment, maintainability, and test effectiveness while balancing cost and operational realities. 

Key recommendations include: (1) adopt a layered architecture that isolates failures and enables graceful 

degradation; (2) employ model-based and graph-transformation test generation augmented with counterexample-

driven refinement to achieve high defect-detection capability; (3) use a hybrid cloud deployment model—serverless 

for ephemeral orchestrations and containerized services for stateful workloads—to balance cost and reliability; (4) 

integrate robust observability and process-mining feedback loops to keep models and tests aligned with evolving 

software and firmware; and (5) script and automate fault-injection exercises to empirically validate resilience. 

The work identifies multiple avenues for future empirical validation—cost-performance benchmarking across 

providers, automated model extraction research, and formal integration of software-evolution practices into CI/CD 

pipelines. Ultimately, the blueprint aims to enable engineering teams and manufacturers to build test 
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infrastructures that are resilient, maintainable, and capable of meeting the demanding throughput and reliability 

needs of modern GPU production and cloud-native testing contexts. 
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